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We design a class of proper scoring rules for infinite outcome spaces based on maximum entropy distributions that elicit statistics of the data. We detine a cost function based
prediction market based on this scoring rule and consider the semantics of information aggregation in this market. We also explicitly characterize the interaction between markets on
related events by drawing on results from graphical models. In one instance, we are able to show that a trader in such a market behaves as if he were implementing a learning
algorithm, even though his incentives are purely financial.
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« Optimal trade for a trader with partial data
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